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Executive Summary 
This report, commissioned by the City of Toronto, aims to analyze the current state of 
wages and employment for drivers in the vehicle-for-hire industry, with a focus on pri-
vate transportation companies (PTCs) such as Uber and Lyft. 

Using an 84-million record dataset of every PTC trip conducted in Toronto between 
January 1st, 2023, and May 1st, 2024, along with data on PTC vehicles and licensed PTC 
drivers, this report examines the gross wages and driving expenses of PTC drivers to as-
sess their net earnings. 

In 2023, 66,191 PTC drivers completed at least one trip in Toronto, and by the first four 
months of 2024, this number stood at 53,272. In both years, only approximately 40% of 
drivers used a single PTC platform, with the majority registered and offering trips on 
multiple platforms. To accurately calculate hourly earnings, overlapping time periods 
across platforms were therefore excluded. 

Together, time spent either waiting upon arrival at the passenger’s pick-up location or 
driving with a passenger in the vehicle accounted for roughly 65% of overall in-app time 
in 2023 and 58% in 2024. This is significant because these are the only periods during 
which drivers are compensated by PTCs; all other time spent logged into the apps (e.g., 
waiting for ride requests or driving to the passenger’s pick-up location) is unpaid. 

Per engaged hour of work, which includes all time from trip acceptance to passenger 
drop-off, the median driver earned $33.52 per hour in 2023 and $33.18 per hour in 2024. 
However, when considering all in-app time, including periods when drivers were wait-
ing for a ride request, median earnings dropped to $25.23 per hour in 2023 and $22.46 per 
hour in 2024. 

After factoring in driver expenses such as fuel, insurance, depreciation, maintenance, 
repairs, financing, and taxes, median earnings fell to $15.31 per engaged hour in 2023 and 
$15.35 in 2024. When accounting for all in-app time, net earnings decreased further, with 
the median driver earning $7.94 per in-app hour in 2023 and $5.97 per in-app hour in 
2024. 

When using the per engaged hour metric after expenses, 57-58% of drivers earn below 
the minimum wage of $16.55 per hour (which was the rate in effect during our study peri-
od in Ontario). The proportion of drivers earning below minimum wage rises to over 95% 
when considering net earnings on a per in-app hour basis. Furthermore, approximately 
1% of drivers incur losses on a per engaged hour basis when accounting for expenses, a 
figure that increases to 14% in 2023 and 17% in 2024 when considering all in-app time. 

PTC companies have already started transitioning to upfront pricing models in Toron-
to, which will make it impossible to estimate PTC driver earnings going forward using 
the methodology described in this report. Therefore, if any level of government intends 
to calculate PTC driver earnings in the future to undertake meaningful temporal compar-
isons, particularly when evaluating the effectiveness of policies aimed at ensuring fair 
compensation, access to actual wage data will be crucial. 
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Introduction 
App-based transportation services originated in San Francisco with the introduction of 
UberCab in 2010 and Sidecar in 2011. The industry soon expanded to Canada, with To-
ronto serving as the initial entry point. Uber was the first ridehailing service to enter the 
Canadian market, launching in Toronto on March 4, 2012. Initially, it operated by dis-
patching taxicabs and limousine services to passengers but quickly sought to broaden 
the scope of its operations. By September 2014, Uber began offering rides through per-
sonal vehicles via its peer-to-peer ridehailing service, UberX, which rapidly became its 
most popular service. Uber was granted a Private Transportation Company (PTC)1  licence 
on August 16, 2016, following Toronto City Council’s approval of amendments to the city’s 
Municipal Code Chapter 546 in May of that year, thereby effectively legalizing ridehailing 
in the city. Shortly thereafter, Uber’s largest competitor, Lyft, entered the Toronto market 
on December 12, 2017, marking its first expansion outside the United States. 

The city reviewed its bylaw in 2018-19 and 2021 to address key issues related to data 
privacy, traffic congestion, and accessibility. More recently, Toronto City Council directed 
its staff to conduct a review of the appropriate number of PTCs, taxicabs and limousines 
in the City, considering congestion, climate change, transit, and equity. As part of this 
work, City Council instructed staff to study driver wages. Commissioned in the summer 
of 2024, this report accordingly aims to analyze driver wages within the vehicle-for-hire 
industry. 

Specifically, the objectives of this report are to: 

• Understand the current state of wages and employment of drivers in the vehi-
cle-for-hire industry in Toronto (with emphasis on the private transportation com-
panies (i.e., Uber and Lyft)). 

• Assess and quantify, where possible, the relationship between the utilization rate 
(i.e. the portion of each driver hour that includes a fare-paying passenger in the ve-
hicle) and the private transportation companies’ net driver earnings. 

1. The term Private Transportation Company (PTC) will be used throughout the report to maintain consisten-
cy with other City of Toronto publications. However, it is important to note that many other jurisdictions 
and most academic literature refer to companies in this industry as “TNCs” (Transportation Network 
Companies). 
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Literature Review 
A general overview of the current state of wages in the vehicle-for-hire sector 
The success of app-based transportation companies, commonly referred to as private 
transportation companies (PTCs), hinges on their insight and ability to leverage smart-
phone technologies to handle trip requests and driver matching, provide real-time wait 
time information, and facilitate cashless transactions. A crucial component of their busi-
ness model also relies on maintaining a large supply of drivers to minimize passenger 
wait times. Historically, the PTC industry has relied on a workforce of part-time drivers 
drawn by the prospect of supplementary income and the flexibility to choose their work-
ing hours. However, this reliance on a large pool of drivers has led some to argue that it 
may contribute to lowering drivers’ wages (Reich and Parrott, 2020; Li et al., 2021). This 
is because time spent driving on PTC platforms does not necessarily equate to higher 
wages for drivers, as PTC platforms compensate drivers only for specific periods of time 
while on the apps. To accurately understand the current state of wages in the PTC sector, 
it is crucial to first clarify how “time spent driving” in this sector is defined. 

The work of PTC drivers can largely be described in three periods: 

•  Period 1 (P1): The driver is logged into the app and waiting for a ride assignment. 

•  Period 2 (P2): The driver is en route to pick up a passenger after accepting the ride. 

•  Period 3 (P3): The driver has a passenger in the car. 

Most PTC platforms compensate drivers only for the time when they have a passenger 
in the vehicle (P3). Kilometers traveled without passengers (P1 and P2), often referred to as 
“deadheading” kilometers, are not compensated. 

A fourth period, sometimes referred to as Period 2.5 (P2.5), represents the time from 
when the driver arrives at the passenger’s pick-up location until the passenger enters the 
vehicle. PTC platforms usually also compensate drivers for this period, but at a different 
rate than for P3. 

Figure 1: Periods of time spent driving on platforms in the PTC sector 

unpaid 

active on platform 

unpaid 

accept ride 

paid 

arrives 
at 
pickup pickup drop off 

paid 

P1 P2 P2.5 P3 

_j' _j' 
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The work of taxi drivers closely mirrors that of PTC drivers and can similarly be divid-
ed into three categories when picking up passengers at a cabstand, though Period 2 is 
omitted when picking up passengers by street-hail. Taxi drivers are only compensated 
for time spent in Period 3. 

Additional terms that will be used in this report include: 

• Deadheading: Represents time on the app without a passenger in the car (P1 & P2) 

• Engaged time: Represents all time from trip acceptance to passenger drop-off (P2 
+ P2.5 + P3). For simplicity and to better align with previous studies, we include P2.5 
within P2, representing this time as (P2 + P3). 

• App time: Represents all time spent on the app (P1 + P2 + P3) 

• Utilization rate: Represents the portion of each driver hour that includes a fare-pay-
ing passenger in the vehicle (P3/(P1 + P2 + P3)) 

• Engaged rate: Represents the portion of each driver hour that is spent on a trip ((P2 
+ P3)/(P1 + P2 + P3)) 

Researchers examining wages in the PTC industry generally agree that companies such 
as Uber and Lyft provide low wages for drivers, especially after accounting for expenses 
(Zoepf et al. 2018; Mishel, 2018; Henao and Marshall, 2019; Ridefair, 2024). However, a chal-
lenge in comparing findings from studies on driver earnings in the PTC industry is the lack 
of consistency in measurement. For instance, some studies report earnings on an hourly 
basis, whereas others use distance thresholds, such as miles, to display driver earnings. 
Other inconsistencies arise from varying practices, including whether PTC commissions 
are factored into drivers’ hourly pay, whether tips are included, whether earnings are pre-
sented before or after expenses, and how exactly these expenses are defined and account-
ed for. Table 1 summarizes findings from prior studies having examined the question of 
driver pay in the PTC industry and describes their definition of pay and describes their 
definition of pay. All earnings from U.S.-based studies were originally reported in USD. 
These values are included in italics in the table but were also converted to 2024 CAD by 
applying the exchange rate specific to the study’s data collection period and adjusting for 
inflation using a CAD inflation calculator. 

Literature Review 
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Table 1: Summary of previous studies having calculated PTC driver earnings per in-app time 

Literature Review 

2. The lead 
author of this 
study has 
since revised 
the earnings 
estimates in 
response to 
criticism from 
Uber’s Chief 
Economist. 
While the 
revised study 
is still under 
review (Zoepf, 
2018) initial 
assessments 
indicate that 
median driver 
earnings after 
expenses range 
between $13.80 
and $16.14 per 
hour ($8.55-
$10.00 per hour 
in 2017 USD). 

Article 

Hall and Krueger 
(2018) 

Cook et al. (2018) 

Parrott and Reich 
(2018) 

Zoepf et al. 
(2018)2 

Mishel (2018) 

Henao and 
Marshall (2019) 

Reich and Parrott 
(2020) 

Hyman et al. 
(2020) 

Manzo and Bruno 
(2021) 

Parrott and Reich 
(2024) 

Ridefair (2024) 

Location 

Across U.S. 

Across U.S. 

New York 
City 

Across U.S. 

Across U.S. 

Denver 

Seattle 

Seattle 

Chicago 

Minnesota 

Toronto 

$31.40/h 

$19.35/h in 2015 USD 

$33.84/h 

$21.07/h in 2017 USD 

$39.34–44.56/h 

$24.49–$27.74/h 
in 2017 USD 

$0.95/mile 

$0.59/mile in 2017 USD 

$26.59/h 

$16.55/h in 2017 USD 

$25.79/h 

$15.57/h in 2016 USD 

$33.83/h 

$21.53/h in 2019 USD 

$39.68/h 
(median) 
$25.82/h in 2019 USD 

$32.79/h 

$ 20.78/h in 2020 USD 

$41.60/h 

$30.27/h in USD 

$20.01/h 
(median) 

N/A 

N/A 

$25.50/h 

$15.88/h in 2017 USD 

$5.41/h 

$3.37/h in 2017 USD 

$14.79/h 

$9.21/h in 2017 USD 

$13.50/h 

$8.15/h in 2016 USD 

$18.54/h 

$11.80/h in 2019 USD 

$36.53/h 
(median) 
$23.25/h in 2019 USD 

$21.49 

$13.62/h in 2020 USD 

$19.90/h 

$14.48/h in USD 

$6.37-10.60/h 
(median) 

Definition of pay 

Earnings are net of Uber’s fees 
but do not adjust for driver 
expenses 

Earnings include Uber’s 
commission fee and are not 
adjusted for driver expenses 

Driving expenses calculated 
for 2018 Toyota Camry driven 
35,000 miles per year 

Considered driving expenses: 
fuel, insurance, maintenance, 
repairs and depreciation. Aver-
age earnings are expressed as 
medians, not means. 
Considered driving expenses: 
fuel, insurance, maintenance, 
repairs and depreciation. As 
well as driving costs, expenses 
include health, retirement and 
unemployment insurance. 
Three expense scenarios rang-
ing from USD $0.28-$0.54/ 
mile. As well as driving costs, 
miscellaneous cost included 
(car wash, mobile device and 
data fees, parking tickets, 
etc.). Tips are not included in 
driver earnings. 
Considered driving expenses: 
fuel, insurance, maintenance, 
repairs and depreciation. As 
well as driving costs, expenses 
include provision for health 
insurance and independent 
contractor taxes. 

Considered driving expenses: 
fuel, maintenance and depre-
ciation ($0.19/mile). 

Considered driving expenses: 
fuel, maintenance, repair and 
depreciation (USD $0.53/mile). 

Driving expenses were 
estimated based on the IRS 
business mileage rates for 
2022 (USD $0.59/mile). 
Estimated PTC driver earnings are per 
engaged hour, not in-app time. Driving ex-
penses were estimated based on the 2023 
CRA mileage rate allowance ($0.62/km). 

Average in-app 
time earnings 
before expenses 

Average in-app 
time earnings 
after expenses 

__
j' 
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Literature Review 

As shown in Table 1, the estimated earnings of PTC drivers vary considerably depending 
on whether they are presented before or after driving expenses and which specific expens-
es are considered. Generally, pre-expense earnings fall within the $25-35 per hour spent on 
the apps, while post-expense earnings vary considerably. The variation in post-expense 
earnings is likely due to the different methods for calculating expenses. Few studies have 
direct information on the vehicles belonging to PTC drivers, so they often resort to using 
government mileage rate allowances (Henao and Marshall, 2019; Parrott and Reich, 2024; 
Ridefair, 2024) or estimating costs based on a typical PTC driver vehicle (Parrott and Re-
ich, 2018; Reich and Parrott, 2020). However, estimates of driving expenses can vary sig-
nificantly depending on the vehicle type. For example, Parrott and Reich (2018) report an 
hourly expense of USD $4.29 for small sedans compared to USD $6.46 for 4WD SUVs. 

Moreover, the driving costs that researchers choose to consider also vary consider-
ably. For instance, some studies include vehicle licensing and registration fees (Reich 
and Parrott, 2020) and insurance fees (Zoepf et al., 2018), whereas others exclude these 
costs, assuming drivers would own their cars and pay for these expenses even if they 
were not PTC drivers (Manzo and Bruno, 2021; Hyman et al., 2020; Hall and Krueger, 
2018). Additionally, some studies account for miscellaneous costs such as car wash and 
cleaning, mobile device and data fees, parking and traffic violations, and the risk of crash 
and injury (Henao and Marshall, 2019), or include provisions for health insurance and 
independent contractor taxes (Mishel, 2019; Reich and Parrott, 2020). Even when stud-
ies have more precise vehicle information, it is often linked only to aggregate trip data. 
As a result, researchers must base driving expenses on predetermined annual distance 
thresholds such as 35,000 miles in the case of Reich and Parrott (2020) or 10,000 and 
15,000 miles for Zoepf et al. (2018). 

Another factor that may explain the observed variations in PTC driver earnings is that 
many drivers work on multiple apps simultaneously (i.e., they turn on both the Uber and 
Lyft apps and accept whichever trip comes first). For instance, in Toronto from January 
2023 – April 2024 60% of drivers are found to operate on both apps. Most previous stud-
ies rely on aggregated statistics from PTCs, including the time spent in P1, which is sub-
sequently used to calculate hourly earnings. However, for drivers using both apps, the 
P1 times may overlap. Since each platform does not know the usage patterns of drivers 
on other apps, the time reported in the aggregate dataset will likely include duplicates. 
Eliminating these duplicates is therefore crucial to achieve an accurate hourly earnings 
estimate. Some studies identify this issue and attempt to resolve it manually by reducing 
the trip times of multi-app drivers to better resemble that of single-app drivers (Reich 
and Parrott, 2020). To our knowledge, Parrott and Reich (2024) and Hyman et al. (2020) 
are the only two studies that have effectively eliminated such duplicate times across 
platforms. However, the former’s earning calculations are based on 2022 IRS business 
mileage rates, and the latter’s are based on aggregated week-level trip data for a single 
week in October 2019, making it challenging to calculate accurate driving expenses. 

Finally, while the reported average earnings are informative, it is also important to con-
sider variations among earnings and examine the proportion of drivers earning below 
minimum wage. Indeed, several studies report that a significant portion of PTC drivers 
do not earn minimum wage. In New York City, Parrott and Reich (2018) find that after ac-
counting for expenses, 85% of app drivers are paid below USD $17.22 per hour, equivalent 
to the State’s USD $15 per hour minimum wage in 2018 plus a paid time-off supplement of 
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USD $2.22 per hour. Similarly, Zoepf et al. (2018) find that 74% of drivers earn less than the 
minimum wage in the US. The average PTC driver is also found to earn below minimum 
wage in Chicago (Manzo and Bruno, 2021) and in the state of California (Reich, 2020). The 
proportion of drivers earning below minimum wage in Seattle appears to be contested as 
Reich and Parrott (2020) note that only reported driver earnings at the 90th percentile rise 
above Seattle’s minimum wage, whereas Hyman et al. (2020) report—in a study funded by 
Uber and Lyft—that only 26% of full-time drivers earn below minimum wage. However, 
Hyman et al. (2020) only account for a portion of waiting time, as they exclude P1 times 
that do not result in a trip and estimate driver expenses at a mere USD $0.19 per mile. A 
recent report in Toronto further finds that the median hourly earnings for drivers is be-
tween 38.5% and 64% below minimum wage, and that drivers earning less than $15.69 per 
engaged hour (P2 + P3) before expenses may not even be breaking even (RideFair, 2024).3 

For comparison, the Government of Canada reported a median wage of $17.50 per hour 
for taxi drivers in Ontario in 2023 (Government of Canada, 2024). Similarly, in the Unit-
ed States, the median wage for taxi drivers was $23.37 (USD $17.31) per hour in 2023 (US 
Bureau of Labor Statistics, 2024). That being said, the above reported median taxi wages 
do not include brokerage fees, which enable drivers to receive dispatched calls. These 
fees vary by brokerage company. For instance, Co-op Cabs in Toronto charges drivers 
$485 plus HST per vehicle per month in brokerage fees (Co-op Cabs, 2024), but the fees 
for most other taxicab brokerage companies were unavailable. It is worth noting that 
brokerage fees are flat rates that do not vary based on the number of dispatched calls 
received. Taxi drivers pay the same amount regardless of whether they receive dozens 
or hundreds of dispatched calls per month. The reported median taxi wage also does 
not account for rental fees. These fees apply only to drivers who lease their taxicabs 
from fleet operators, but we do not know which drivers lease their vehicles nor the rates 
charged by fleet operators. 

The lack of information on rental and brokerage fees, and particularly how they have 
changed with the rise of PTCs, represents a gap in the literature and limits our ability to 
accurately portray taxi driver earnings in Toronto. 

Economic and demographic factors influencing driver participation 
This section discusses the demographic and labour supply characteristics of the PTC 
workforce. Initially, it was believed that the PTC workforce would mirror the demograph-
ic characteristics of the overall workforce (Hall and Krueger, 2018). However, several stud-
ies have since shown this not to be the case. In New York, Seattle, Minneapolis, and other 
major cities across the US, PTC drivers tend to be male, live in or near poverty, and to 
be immigrants (Parrott and Reich, 2018; Reich and Parrott, 2020; Cook et al., 2021, Parrott 
and Reich, 2024). These trends are even more pronounced when comparing part-time 
to full-time drivers, with full-time drivers (i.e. 35 hours per week or more) on average 
being older, more likely to be immigrants, and more likely to support at least one child 
(Waheed et al., 2018). 

As mentioned earlier, ridehailing companies depend on having a large pool of available 
drivers to minimize passenger wait times. Historically, the PTC industry has relied on a 

Literature Review 

3. It is important to note that all studies mentioned in this paragraph report after-expense earnings. Howev-
er, the costs classified as expenses and the methods used to measure them vary significantly. For further 
details, please refer to Table 1. 
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workforce of part-time drivers drawn by the prospect of supplementary income and the 
flexibility to choose their working hours. For example, a prominent study in 2018 found 
that only 13% of Uber drivers work 35 or more hours per week (Hall and Krueger, 2018), and 
data from Uber indicated that, on average, drivers across the U.S. work only 17 hours per 
week (Mishel, 2018). However, the PTC driver workforce appears to be evolving. Studies 
undertaken in the past five years in jurisdictions like Seattle and Minnesota found that 
most PTC drivers work 35 hours per week or more, which they define as full-time (Re-
ich and Parrott, 2020; Parrott and Reich, 2024). Differences in available data sources may 
explain the variances in estimated driver working hours. Many drivers work on multiple 
platforms, so using data from a single platform to report working hours can underestimate 
total hours worked, potentially misclassifying full-time drivers as part-time. 

Driving for a PTC company may indeed have become the primary means of earning a 
livelihood for a significant share of drivers, with up to 72% of full-time drivers reportedly 
relying on PTC driving as their sole source of income in cities like Seattle in 2020 (Reich 
and Parrott, 2020). This reliance can be further inferred from the duration many of them 
have been working in the industry. In Seattle, 55% of Uber drivers and 45% of Lyft drivers 
report having worked for the company for at least two years (Reich and Parrott, 2020). 
Similar findings were observed in Los Angeles, where the average tenure on the apps 
in 2018 was 13 months (Waheed et al., 2018). However, while some studies report long 
tenures, others emphasize high rates of driver attrition. For instance, Cook et al. (2021) 
found that in cities across the US 68.1% of drivers leave after six months. Similarly, Hall 
and Krueger (2018) found using administrative data from Uber that only 30% of drivers 
remained active after six months. These findings may seem contradictory at first, but 
together paint a fuller picture of the PTC industry, as employee turnover is emblematic 
of low-wage labor markets and those who depend on it as their sole source of income 
often cannot afford to give it up in search of better work. 

One cannot discuss the economic factors influencing driver participation without ex-
amining the COVID-19 pandemic and its disruptive effect on the PTC industry. As gov-
ernments across North America implemented restriction measures, PTCs experienced a 
significant decline in ridership, with companies such as Uber reporting a business drop 
of approximately 80% (Hawkins, 2020). In Toronto, a study by Loa et al. (2022) found 
that as of July 2020, roughly half of those who had previously used PTC services had not 
utilized this form of travel since the onset of the pandemic. This decline in ridership can 
be attributed not only to strict lockdown measures and the closure of restaurants and 
bars but also to other pandemic-related shifts, such as an increase in remote work and 
online shopping, which further reduced the demand for PTC services. 

In addition to the decline in ridership, the pandemic also led to a significant reduction 
in the number of drivers willing to work, as many were reluctant to be confined in a 
vehicle with strangers due to the risk of contracting the virus. In early 2021, the number 
of Uber and Lyft drivers across the US fell to 40% below capacity, meaning longer wait-
times for passengers (Bursztynsky, 2021). Even for those who continued driving, the low-
er demand led to a decrease in the share of driver hours with passengers in the vehicle 
and therefore the share of compensated driver hours by PTC platforms. In Chicago, total 
vehicle miles traveled with passengers by PTC drivers fell by 63% from September 2019 
to September 2020 (Manzo and Bruno, 2021). The same study found that the average 
customer tip decreased by 39% during that time span, further highlighting the impact of 
the COVID-19 pandemic on PTC driver wages. 

Literature Review 
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Most researchers to have examined this issue, project that the demand and supply for 
PTCs will return to pre-pandemic levels in short order (Koustas et al., 2020; Manzo and 
Bruno, 2021), and this trend has already begun in several major cities. For instance, in 
Toronto there were 191,000 daily trips in March 2024 compared to 176,000 daily trips in 
March 2019. 

The impact of licensing policy on driver’s wages and employment 
While there are currently no cities that have a cap on PTC drivers, there are at least three 
municipalities, aside from Toronto, that have previously planned or enacted such a cap. 
The first is Kingston, Ontario, which introduced a cap on PTCs in 2018 as part of a bylaw 
to regulate the ridehailing industry. This cap, outlined in Bylaw 4, was initially adopted 
by the Kingston Area Taxi Commission. However, it was subsequently put on hold fol-
lowing a complaint filed with the Federal Competition Bureau, which questioned the 
commission’s authority over ridehailing matters. This challenge arose after the Ontario 
Superior Court ruled in 2015 that Uber was not classified as a taxi broker. While the bylaw 
remains on permanent hold, it had proposed capping the number of ridehailing vehicles 
in the city at 150, with no more than 50 drivers allowed to be active on the platforms at 
any one time (Sherriff-Scott, 2018). 

The second municipality to consider a cap on PTCs was New York City, which in Au-
gust of 2018 became the first major North America city to approve legislation calling for 
a temporary one-year freeze on new for-hire vehicle licenses while they studied the im-
pacts of this industry. This legislation also allowed the city to set a minimum pay rate for 
drivers to ensure they earn at least USD $17.22/hour, the equivalent to the State’s USD $15/ 
hour minimum wage after deducting a paid-time off supplement of USD $2.22/hour. In 
response to the cap and pay standard, which came into effect in February 2019, both Uber 
and Lyft announced that they would not accept new drivers. This led to more rides per 
hour for existing drivers and in turn to higher driver earnings, as PTCs typically compen-
sate drivers only when passengers are in their vehicle. After implementing the licensing 
cap and minimum pay standard, drivers’ wages were found to increase by 8%, while 
passenger wait times decreased by 18% and PTC commission rates fell by an average of 
16.7%, indicating that the companies absorbed some of the increased costs (Manzo and 
Bruno, 2021; Koustas et al., 2020). PTC companies compete, in part, by minimizing pas-
senger wait times, which may partially explain the reduction in wait times observed after 
the introduction of the licensing cap. It is worth highlighting that the implementation 
of the cap coincided with the introduction of a minimum pay standard, making it chal-
lenging to isolate the effects of each policy individually. Nevertheless, it is reasonable to 
conclude that, collectively, these measures had a positive impact on driver earnings. 

New York’s cap on PTC vehicles, initially intended to stabilize driver earnings and re-
duce traffic congestion, has since been lifted as part of the “Green Rides” policy enacted 
in October 2023. This policy allows for the issuance of new for-hire vehicle licenses for 
ridehailing purposes, provided the vehicles are zero-emission or wheelchair accessible 
(TLC, 2024a). However, the New York Taxi Workers Alliance has filed a lawsuit seeking 
to reinstate the cap on PTC vehicles, arguing that the Taxi and Limousine Commission 
(TLC) lacks the legal authority to unilaterally modify the licensing cap rules. In response, 
a Manhattan Supreme Court Justice has ordered a temporary halt to the issuance of new 
licenses while the lawsuit proceeds through the courts (Kuntzman, 2023). 

Seattle is the third municipality to have contemplated a cap on PTC vehicle licenses. 
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In March 2014, the Seattle City Council passed an ordinance that would limit PTC op-
erations in the city to 150 active drivers per platform at any given time—a significant 
decrease from the estimated 2,000 drivers operating in the city at that time (Reich and 
Parrott, 2020). However, following strong opposition and joint negotiation efforts from 
both Uber and Lyft, the city ultimately agreed to modify its original ordinance and allow 
app-based transportation companies to operate without limiting the number of drivers. 
While efforts to cap PTC drivers were subsequently abandoned, concerns over fair driver 
pay later led the city to pass minimum compensation requirements in 2021 as part of the 
Fair Share Wage Ordinance. 

Other Canadian cities such as Saskatoon and Oakville, have acknowledge the possibil-
ity of establishing a cap on the number of PTC vehicles, citing that this would improve 
the parity between taxis and the PTC industry, but ultimately opposed such legislation as 
they found it would be contrary to the PTC business model, which promotes part-time 
and casual driving opportunities (Sum, 2021). 

In Toronto, as in many major cities, there is a cap on the number of taxis. These reg-
ulations date back to the Great Depression, a period when high unemployment rates 
led to a surge in private vehicles being used as taxis. This overabundance of private 
vehicles operating as taxis caused significant traffic congestion, frequent disputes over 
passengers, and reduced driver wages, which in turn pushed regulators to limit their 
supply (Rahel, 2016; Toronto, 2012). As of June 2024, Toronto has 4,890 taxicab owners 
who either operate their own vehicles or lease them, with a total of 6,655 taxi drivers 
in the city (Toronto, 2024). With a city population of 3,024,647, this equates to approxi-
mately one taxicab for every 619 residents in Toronto. In comparison, New York City has 
around 13,500 taxicab medallions for a population of 8,804,190, translating to roughly 
one taxicab per 652 residents (TLC, 2024b). While more municipalities are contemplating 
restrictions on the number of PTC drivers, few have considered an open-entry market 
for taxis. Dublin, Ireland, is perhaps the most notable city to have removed such restric-
tions. When licensing regulations were lifted in November 2000, the number of licensed 
taxis increased significantly. However, demand did not rise correspondingly, leading to 
decreased profitability for drivers and additional pressure on service quality and fares 
(OECD, 2007). Following the 2008 recession, which led to decreased demand for taxis 
and subsequently lower driver wages, regulations on taxi market entry were reintro-
duced in Ireland in 2010. 

However, with the rapid expansion of the PTC industry, an increasing number of law-
makers are considering deregulating the taxi industry to create a more level playing field 
between PTCs and traditional taxis. This includes Canada’s Competition Bureau, which 
submitted a recommendation to the OECD advocating for the elimination of restrictions 
on the number of issued taxi plates (Canada, 2018). In the same OECD report, commis-
sions and bureaus from other countries, including Finland, Spain and Bulgaria, recom-
mended similar measures aimed at eliminating quotas on the maximum number of taxi 
licenses (OECD, 2018). 

Existing policy options to increase PTC driver wages 
Several policy solutions have been proposed to improve the wages of PTC drivers, most com-
monly involving a utilization rate target to ensure a minimum number of trips per driver 
hour or a minimum driver pay standard structured on a per-time and/or per-distance basis. 
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The most prominent case study is New York City, which implemented a minimum per-
trip driver payment formula in December 2018 to guarantee earnings equivalent to the 
minimum wage. The adopted formula includes both distance and time components. The 
distance component is designed to cover all costs associated with acquiring, licensing, 
and operating a vehicle, while the time component compensates drivers at a rate of USD 
$17.22 per hour, equivalent to New York’s USD $15 per hour minimum wage in 2018 plus 
a paid time-off supplement of USD $2.22 per hour. This additional supplement compen-
sates drivers for the lack of paid time off, as they are classified as independent contrac-
tors rather than employees (TLC, 2018). 

To address the issue that drivers are compensated only from the moment they arrive at 
the passenger’s pick-up location until they drop them off at their destination (P2.5 & P3), 
rather than for their entire time on the app, the expense and time components of the driver 
pay standard formula are normalized by the PTC’s utilization rate. This rate is defined as 
the portion of each driver hour that includes a fare-paying passenger in the vehicle. This 
approach ensures that PTCs cannot lower driver wages by reducing the time spent travel-
ing with a passenger (P3), as might be possible under a fixed wage multiplier. Additionally, 
it incentivizes PTCs to increase the average number of trips per driver hour, thereby en-
hancing drivers’ paid time (Parrott and Reich, 2018). It is important to note that this formula 
does not establish an hourly wage but sets a minimum per-trip payment standard to en-
sure drivers receive a minimum take-home pay after covering their expenses and account-
ing for their total working time, including time spent driving passengers as well as time 
waiting for a ride assignment and on route to pick up passengers. In addition to the two 
main components, New York City also approved a shared rides bonus to compensate driv-
ers for the additional time required to pick up and drop off passengers during shared rides 
(e.g., UberX Share, formerly known as UberPOOL). The city established a higher per-min-
ute rate for trips ending outside city boundaries to account for fareless return travels to the 
city and implemented a higher per-mile expense rate for wheelchair-accessible vehicles 
(WAVs) to cover the higher vehicle expenses incurred by these drivers. Using the distance 
rate (USD $1.314 per mile) and time rate (USD $0.564 per minute) applicable in March 2023, 
below is a sample calculation of the legislation adopted in New York City for a non-shared, 
non-WAV trip that is 5 miles and 20 minutes long at a utilization rate of 58%: 

Reich and Parrott (2020), who produced the report that led to the adoption of the mini-
mum driver pay standard in New York, were also commissioned to study the economics 
of Seattle’s vehicle-for-hire industry and made similar policy recommendations. Com-
monly referred to as the PTC Minimum Compensation Ordinance, Seattle’s minimum 
compensation formula went into effect on January 1st, 2021. This ordinance required 
PTCs to pay drivers the greater of a per-mile rate of USD $1.33 and a per-minute rate of 
USD $0.57, or a minimum trip payment of USD $5.00, including for canceled trips (Seattle, 
2024). As in New York, these rates were subsequently divided by the platform utilization 
rate to incentivize a higher rate of trips per driver hour. However, Seattle’s ordinance 
separates the utilization rate into mileage and time components to better account for 
the specificities of trip distance and duration. This ordinance was subsequently replaced 
by the State of Washington’s Minimum Wage Act, which on January 1st, 2024, required 
PTCs to pay drivers in Seattle the greater of a per-mile rate of USD $1.55 and a per-minute 
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(USD $1.314 x 5 miles)+(USD $0.564 x 20 minutes) 

0.58 Utilization rate 
= USD $30.78 
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rate of USD $0.66, or a minimum trip payment of USD $5.81 (Washington State, 2024). 
Minneapolis recently followed the examples set by Seattle, Washington, and New York 
by introducing legislation that mandates PTC platforms to pay drivers at least USD $1.40 
per mile and USD $0.51 per minute for the time transporting passengers within the city 
limits, or USD $5.00, whichever is greater (Minneapolis, 2024). 

PTCs have strongly resisted minimum driver pay standards, even going so far as to 
threaten ceasing operations in cities like Minneapolis (Valinsky, 2024). More recently, a 
PTC has also begun removing drivers from their platform during periods of low demand 
in New York City (Gorelick, 2024). This strategy aims to reduce deadheading, thereby 
increasing the company’s utilization rate, which again is the portion of each driver hour 
that includes a fare-paying passenger in the vehicle. By increasing the utilization rate, 
which serves as the denominator in the driver pay standard formula, the PTC can reduce 
the amount it must pay its drivers through this minimum pay standard. 

Another solution often favored by PTCs is to pay drivers an above-minimum wage rate 
based on engaged time, without normalizing by the utilization rate to compensate for 
deadheading. This approach is currently in place in the State of California, where PTCs col-
lectively spent over USD $205 million in November 2020 to pass Proposition 22, allowing 
them to continue classifying their drivers as independent contractors rather than employ-
ees, as required under Assembly Bill 5. In exchange for being exempted from providing 
employee benefits such as overtime pay, bargaining rights, and sick leave, PTCs agreed to 
pay at least 120% of the prevailing minimum wage for drivers’ engaged time. However, 
as pointed out by many critics, engaged time does not include time waiting for a ride as-
signment or en route to pick up passengers, and represents only 57.7% of drivers’ overall 
working time in cities like Minneapolis (Parrot and Reich, 2024) and less than two-thirds 
of all drivers’ work time in major cities across the US (Fehr and Peers, 2019). In 2022 Uber 
proposed a similar earnings standard in Ontario, committing to provide drivers at least 
120% of the then prevailing $16.55 minimum wage during engaged time (P2 + P3) (Uber, 
2022). Using recent estimates in Toronto, which find that drivers spend only 60% of their 
time engaged (Toronto, 2021), this equates to $11.92 per in-app hour before expenses. 

Beyond establishing a minimum driver pay standard based on time spent on the app 
or during trips, another solution examined by Alnaggar et al. (2024) is to implement 
a utilization rate target. This target would ensure that drivers spend a predetermined 
portion of each working hour in engaged time, thus increasing the time spent earning 
money. When combined with other policy measures, such as the previously proposed 
pay of 120% above minimum wage for engaged time, this approach could lead to higher 
earnings for drivers. Alnaggar et al. (2024) compare the utilization rate target approach 
with other options, including an hourly minimum wage for all time spent on the app 
and only during engaged time. They find that only the utilization rate target and the 
hourly minimum wage for all time spent on the app significantly enhance drivers’ av-
erage hourly pay, whereas the engaged time minimum wage guarantee does not lead to 
substantial improvements in driver earnings. 

To summarize, while few municipalities have adopted policies to improve the wages 
of PTC drivers, those that have have typically implemented a minimum driver pay stan-
dard based on per-time and per-distance metrics. The key debate has centered around 
whether to compensate drivers only for periods of time spent engaged on trips or for 
all time spent logged onto the app. Normalizing trip-based payments by the PTCs’ uti-
lization rate has been the preferred method to account for drivers’ non-engaged time, 
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ensuring that PTCs cannot lower driver wages by reducing the number of trips per driver 
hour. However, PTCs have argued that this method does not account for the fact that 
drivers often work on multiple apps simultaneously, potentially leading to dual earnings 
for P1 under this model. Moreover, these minimum driver pay standards may also have 
unintended consequences such as sometimes result in lower driver earnings. This ap-
pears to be the case in New York City, where some drivers say their wages have decreased 
by as much as 50%, as one PTC has responded to the minimum pay policy by restricting 
driver access to their platform during periods of low demand in an effort to boost their 
utilization rate (Gorelick, 2024). 

Methodology 
Before delving into the data sources and methods used to calculate vehicle-for-hire driv-
er earnings in Toronto, it is important to note that, due to data limitations, we will not 
be reporting earnings estimates for taxi drivers. As mentioned in the literature review 
section, the absence of detailed data on hailed taxi trips – including the proportion of 
total taxi trips they represent – along with information on taxi rentals and brokerage 
fees, significantly limits our ability to accurately estimate taxi driver earnings in Toronto. 
Therefore, the remainder of the report will focus exclusively on PTC driver earnings. 

Data sources 
The data for this study is drawn from an 84-million record dataset of every PTC trip con-
ducted in the city of Toronto between January 1st, 2023 and May 1st, 2024. Uber and Lyft, the 
only two ridehailing companies operating in Toronto during that period, provided the data 
as part of their compliance with the city’s vehicle-for-hire bylaw (Toronto, 2022). The dataset 
includes details on the type of ridehailing trip (e.g. UberX, UberX Share, Lyft standard, Lyft 
LUX, etc.), trip fare, trip distance, trip duration, and the start-time and end-time as well as 
the location (to the closest intersection) for each of the three different PTC work periods. 

In addition to the trip dataset, we also have information on the PTC vehicles them-
selves. This data was provided to Municipal Licensing and Standards Division as part 
of the requirements of the vehicle-for-hire bylaw, and includes the year, model, and 
make of all licensed PTC vehicles. Each driver is associated with one or more vehicle 
identification numbers (VIN), enabling the us to link the vehicle information to the trip 
dataset. Most vehicles are assigned to a single driver, yet vehicles can also be assigned 
to multiple drivers and multiple vehicles can be assigned to a single driver. Since it is 
not possible to determine which driver conducted a specific trip when multiple driv-
ers are assigned to a single vehicle, these entries were excluded from the analysis. For 
this reason, we excluded 10.3% of all licensed PTC vehicles in our sample. Figure 2 out-
lines the possible assignments of licensed PTC vehicles to drivers.  With the exception of 
some VINs having certain days of data removed – either due to no trips being conducted 
(i.e., only P1 periods) or due to unrealistic trips (e.g., disruptions in the cell phone signal 
leading to implausible P1 travel times) – all data was included in our analysis. Table 2 
presents a detailed breakdown of the number of trips, drivers, and licensed PTC vehicles 
considered in this study. 
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As shown in Table 2, 61.6% of PTC drivers in 2024 are registered on both Uber and Lyft, 
meaning they may work on both apps simultaneously. To accurately calculate hourly 
earnings, it was essential to remove overlapping times across platforms. This task was 
managed by the City of Toronto Transportation Services Data and Analysis team, which 
extracted each distinct work period timestamp per VIN to identify overlaps. When over-
laps were detected, they were resolved using the following logic hierarchy: P3 > P2.5 > P2 
> P1. If overlaps occurred within the same work period on both platforms, only one was 
retained. The earnings analyses in this report incorporate these adjustments to elimi-
nate overlapping time and kilometers driven. 

Using the vehicle information, we obtained a customized dataset of driving and own-
ership expenses from Vincentric, a private automobile data compilation and analysis 
firm. The dataset includes costs related to depreciation, insurance, fuel, repairs, mainte-
nance, financing, and registration and license plate fees and taxes. A detailed description 
of how these costs are calculated and account for is provided in Table 3. Expenses are 
calculated per vehicle year, make, and model for three predetermined annual distance 
thresholds: 5,000 km, 25,000 km, and 60,000 km. These thresholds were chosen to best 
reflect the driving patterns of PTC drivers in our sample and estimated driver costs are 
prorated to reflect their actual driving distance. Additionally, the expenses were calcu-
lated by assuming a driving pattern of 53% city driving and 47% highway driving, as 
determined by the median annual driving behaviors estimated from a subset of 6,630 
drivers in our dataset. 

Figure 2: Description of possible licensed PTC vehicles to driver combinations 

Table 2: The number of trips, driver, and licensed PTC vehicles in Toronto 

Methodology 

4. While the 
PTC trip data-
set includes 
all trips con-
ducted with-
in the City of 
Toronto, only 
those that 
originated in 
the City were 
retained for 
our analysis 
as these were 
matched with 
the vehicle 
information 
provided by 
the Municipal 
Licensing and 
Standards 
Division. 

5. These 
entries were 
excluded 
from the 
analysis as it 
was impossi-
ble to identify 
the specific 
driver re-
sponsible for 
a trip when 
multiple 
drivers were 
assigned to 
the same 
vehicle. 

One-to-One 
a single vehicle assigned 

to a single driver 

One-to-Many 
a single vehicle assigned 

to multiple drivers 

Many-to-One 
multiple vehicles assigned 

to a single driver 

VIN 1 VIN 1 

VIN 2 VIN 2VIN 1 

VIN 3 VIN 3 

DRIVER 1 DRIVER 1 

DRIVER 2 DRIVER 2 DRIVER 1 

DRIVER 3 DRIVER 3 

2023 2024 
  Total number of trips 61,661,027 22,580,068 
       Average number of daily trips 168,879 186,666 
  Total number of drivers 68,231 57,541 
      Number of drivers using a single PTC platform 28,412 (41.6%) 22,120 (38.4%) 

       Number of drivers using both PTC platforms 39,856 (58.4%) 35,449 (61.6%) 

  Total number of licensed vehicles (VIN) 124,916 92,656 
  Total number of VIN undertaken at least 1 trip 101,524 73,734 
  Total number of VIN undertaken at least 1 trip matched w/ driver data4 82,797 62,736 

   One VIN associated with one driver 53,709 (64.9%) 42,307 (67.4%) 

       One VIN associated with multiple drivers5 9,205 (11.1%) 6,528 (10.4%) 

       Multiple VINs associated one driver 19,883 (24.0%) 13,901 (22.2%) 
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Table 3: Description of how driving and ownership expenses are calculated by Vincentric 

Methodology 

As the starting point for fuel cost calculations, we look at the annual distance driven and use the percentage 
of 53% city/47% highway driving to determine the total city distance driven and the total highway distance 
driven. We use our access to national government databases (Natural Resources Canada) fuel economy 
estimates for both highway and city driving to determine the total quantity of fuel used. 

Using data from multiple insurance industry sources, we estimate insurance costs for all vehicles in the 
Vincentric databases. Canada averages are used to determine national insurance costs. Insurance costs 
are included in our driving expense calculations because many automobile insurance companies raise their 
rates when drivers report using their vehicles for commercial purposes, such as PTC work. Additionally, PTC 
companies provide full insurance coverage only when drivers are engaged in a trip (P2 & P3), but offer re-
duced coverage while drivers are waiting for a trip request (P1). 

The vehicle purchase cost was excluded from our driver expense calculation, as we consider it as an asset 
owned by the driver, which can be sold. However, we include the vehicle’s depreciation as an expense, as it 
is directly affected by the kilometers driven for ridehailing purposes. Depreciation reflects the gradual re-
duction in the vehicle’s value over time, which is accelerated by its use in this context. Vincentric estimates 
the annual depreciation on each vehicle by identifying the difference between current market price and the 
forecasted residual values of the vehicle. The Vincentric default residual values are provided by our data 
partner Canadian Black Book, a well-respected information provider in the automotive industry. 

Maintenance costs are impacted by four key elements: frequency, labor rates, labor times, and parts prices. 
Maintenance costs are based upon the manufacturer’s recommended maintenance schedules, with un-
scheduled maintenance items such as tires and batteries added to determine overall maintenance cost. 
Any free maintenance plans offered by the manufacturer are included. Using data from MOTOR Information 
Systems and other industry sources, we calculate both scheduled and unscheduled maintenance costs. 
When measuring lifecycle costs at the province level, labor rates are adjusted to account for the variance in 
each of these geographic segments. 

Repair costs are estimated based upon the price paid to keep a vehicle in operating condition (not including 
scheduled and unscheduled maintenance costs). Calculations use the cost of a $0 deductible extended 
service contract and account for variances in cost by province. Bumper-to-bumper warranties offered by 
the manufacturer are included. This approach is the industry standard and provides an accurate way of fair-
ly comparing vehicles across brands and size classes. 

Financing is the amount it costs to borrow money for a vehicle purchase. Using financial data provided by 
the banking industry, we calculate this “cost of money” to help determine overall lifecycle costs. Financing 
costs differ by province. 

Fees and taxes include sales tax for the initial vehicle purchase, registration fees, and license plate fees. 
Local taxes are factored into calculations as a province-wide average in Canada. In Canada, national and 
all provincial-level electric vehicle tax credits are applied as a discount to the vehicle’s market price. These 
administrative fees are often overlooked but can significantly impact the cost of owning a vehicle. 

Fuel 

Insurance 

Depreciation 

Maintenance 

Repair 

Financing 

Fees & Taxes 

EXPENSE DESCRIPTION 

m 
-------------

~. 



19 

Calculating gross PTC driver earnings in Toronto 
In Toronto, ridehailing fares vary both between and within platforms, depending on the 
selected type of service (e.g., UberX, UberX Share, Lyft Standard, Lyft LUX, etc.). Typically, 
fares consist of a base fare, charges per minute and per kilometer traveled, a booking fee, 
various additional fees, and the Harmonized Sales Tax (HST). We begin with Uber, as we 
have access to more detailed information regarding driver earnings for this company 
(see Table 4). Specifically, a comprehensive breakdown of the driver earning rate cards for 
Uber services in January 2024 was submitted to the City of Toronto as part of the written 
submission for item EX12.1 of the Executive Committee Meeting 12 agenda (RDAO, 2024). 

Although booking fees are listed on the rate card as part of the minimum charge, they 
are collected from passengers and subsequently remitted to Uber, hence they do not 
contribute to driver earnings. Booking fees typically range from $1.60 to $3.85, depending 
on the trip type and distance. Table 5 details the service fees that drivers are required to 
pay to Uber for the company’s services. Services fees are based on the region where the 
trip starts and were adjusted slightly depending on when the drivers first activated their 
account. Based on the rate card, Uber drivers earn the passenger fare minus the service 
fees and HST. 

Table 4: Uber’s driver earning rate card for its different services as of January 2024 

Methodology 

Base Fare $3.17 $3.09 $3 $5.67 n/a $4.44 $4.44 $7.69 $9.94 $12.42 $20.44 

Per Minute $0.18 $0.18 $0.18 $0.35 n/a $0.26 $0.25 $0.50 $0.63 $0.85 $0.89 

Per Kilometer $0.81 $0.81 $0.81 $1.55 n/a $0.93 $1.13 $1.78 $2.11 $2.23 $2.29 

Minimum Charge* $5.25 $5.25 $5.25 $8 $5.50 $11.72 $12.62 $15 $25 $15.75 $25.75 

Cancellation Fee $6 $6 $6 $6 $3 $6 $6 $10 10 $10 $10 

Rider No Show Fee $6 $6 $6 $6 $5 $10 $10 $20 $25 $20 $25 

Additional Rider Fee n/a n/a n/a n/a $1 n/a n/a n/a n/a n/a n/a 

Wait Time/Minute $0.35 $0.00 $0.00 $0.40 $0.40 $0.60 $0.60 $1.06 $1.34 $0.85 $0.89 
(+Surge) (+Surge) (+Surge) 

* includes booking fee 

UberX, Green 

Assist 
WAV 

UberXL 

UberX Share

Comfor t 

Comfort Ele c tric

Premier

Premier SUV 

Bl a ck

Bl ack SUV 

Table 5: Service and booking fees for Uber as of January 2024 

UberX, Green 

UberXL 
WAV 

Assist 

Comfort + electric

Premier

Premier SUV 

Toronto 15% 28% 28% 28% 

28% 28% 28% 15% 0% 28% 25% 

0% 28% 20% 

(for Driver Accounts first activated after Aug 14, 2015) 
Toronto 

(for Driver Accounts first activated on or before Aug 14, 2015) 
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Methodology 

For every trip completed using a low-emissions or zero-emissions vehicles (i.e. Uber 
Green), the passenger is charged an addition $1.00, of which $0.50 is returned to Uber 
and $0.50 is added to the driver’s earnings for that trip. There is also an out-of-region 
surcharge ($0.35 per kilometer for the entire trip) that is levied on trips starting inside and 
ending outside the Toronto operating region. This region includes the Cities of Toron-
to and Kawartha Lakes, Halton and Peel Regions, Grey, Dufferin, and Simcoe Counties, 
and York and Durham Regional Municipalities (excluding trips commencing at Toronto 
Pearson International Airport)6. In our sample, this surcharge was applied to 87,003 trips, 
representing 0.1% of all trips. This is to account for the time required for drivers to re-
turn to the operating region. The City of Toronto also charges “TNC/City Fees Recovery 
Surcharges” ($0.34) per trip and “Accessibility Fees Recovery Surcharges” ($0.10) per trip, 
which appear in the passenger fare, but are not part of the drivers’ earnings. 

The service fee for UberX Share (formerly known as UberPOOL) trips differs slightly, de-
pending on whether the trips are successfully matched with other passengers or not. For 
unmatched trips, Uber adjusts its service fee to ensure that the net fare is equivalent to 
that of an UberX trip. Consequently, we apply the same earnings formula for unmatched 
UberX Share trips as we do for UberX trips. For matched trips, we estimate the total trip 
duration and distance using the pick-up time of the first passenger and the drop-off time 
of the last passenger. We then apply the same earnings formula and service fees as those 
used for UberX trips. 

Additional elements of Uber drivers’ earnings that are not included in our data are 
whether the trip was conducted using a pet-friendly vehicle (i.e., Uber Pet), which incurs 
an additional $5 charge to the passenger’s fare, and whether the trip was booked in ad-
vance (i.e., Uber Reserve), which incurs additional reservation fees. Both are components 
of the fare and are subject to the usual service fees. 

Our data also does not include tips nor surge pricing, which acts as a fare multiplier 
during peak demand periods. To address this, we incorporate tip estimates from previ-
ous studies (Parrott and Reich, 2018; Manzo and Bruno, 2021), and assume that drivers 
receive an average of $0.80 per trip in tips. This amount was added to the Uber driver 
earnings calculation. For surge pricing, we determined the expected passenger fare-to-
driver earnings ratio using the Uber rate card (i.e., 40-60% before tips) and compared it 
to the actual fare paid in the trip dataset to identify all trips with a ratio below the lower 
threshold of 40% as being subject to surge pricing. We then adjusted the earnings for 
these trips to reflect the average fare-to-earnings ratio (i.e., 50% before tips), ensuring a 
more accurate representation of the typical fare-to-earnings relationship. For instance, 
if the trip data shows that a passenger paid $25 for a trip, but based on the PTC rate card, 
we calculate that the fare for this trip should have been $7.50, this results in a fare-to-
earnings ratio of 0.3 ($7.50/$25). This hypothetical trip would therefore be flagged, as its 
ratio falls below 40%, indicating that it likely occurred during a period of surge pricing. 
Our methodology would then adjust the earnings calculation to reflect the typical fare-
to-earnings ratio of 50%, resulting in adjusted earnings of $12.50 (before tips) instead of 
the initial $7.50. 

Now turning to Lyft, we obtained fare card data directly from a driver but only for Lyft’s 
Standard services, which account for the large majority of all Lyft trips in our sample. 

6. Since our analysis only includes trips that begin within the City of Toronto boundaries, there is no need to 
account for the varying fees associated with trips originating from Toronto Pearson International Airport. 
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Methodology 

Consequently, we must exclude all non-Standard Lyft trips from the analysis. Lyft’s fare 
cards are also differentiated based on whether the driver has activated Lyft’s “Priority 
Mode.” This option, available only to drivers with high driving scores, offers more ride 
requests with reduced waiting times but results in lower earnings. However, our dataset 
does not indicate whether drivers have activated Priority Mode. Therefore, earnings will 
be calculated under the assumptions that Priority Mode is disabled for all trips, as it is 
not available to all drivers. The $0.80 per trip in tips assumed for Uber trips was also 
added to the Lyft driver earnings calculations, and the same earnings-to-passenger fare 
ratio was used to identify surge pricing and adjust driver earnings accordingly. Table 6 
shows the Lyft fare card for Standard driving with Priority Mode disabled, with service 
fess already factored in. 

While both Uber and Lyft are currently transitioning from traditional earning rate cards 
to upfront pricing, driver earnings in 2023 and the first quarter of 2024 were still pri-
marily determined by the base fare and charges per minute and per kilometer driven. 
Upfront pricing allows passengers to see the total cost of their trip before agreeing to 
it, meaning fares are no longer a function of the actual trip duration. Although upfront 
pricing enables drivers to know their earnings and destination before accepting a trip, it 
also incorporates several real-time factors into the earnings calculation, such as current 
demand at the driver’s location and forecasted demand at the passenger’s destination 
(Chaum, 2023). This, in turn, makes it more challenging for drivers to understand the 
precise factors influencing their earnings. 

Calculating net PTC driver earnings in Toronto 
After calculating driver earnings using the aforementioned methodology, we then sub-
tract their associated costs. These costs are determined using the vehicle’s year, model, 
and make and are provided by Vincentric on an annual basis for the next five years 
(2024-2029). Fixed expenses include insurance, financing, and fees & taxes. These are 
proportionally allocated based on the assumption that PTC drivers also use their vehi-
cles for personal purposes. We assume that PTC drivers use their vehicles for personal 
reasons at a rate of 20,000 kilometers annually, as per the annual kilometers driven 
assumption used by Natural Resources Canada (Natural Resources Canada, 2023), and 
attribute fixed expenses based on the fraction of total annual kilometers driven for PTC 

Table 6: Lyft fare card for Lyft standard 
driving with Priority mode disabled 
in effect during our study period 

 CHARGES COST 

 Base Charge $2.43 

 Per Kilometer $0.61 

 Per Minute $0.14 

 Minimum Rate $1.87 

 Maximum Rate $300 

 Cancel Minimum $2 

 Cancel Maximum $15 

 Scheduled Cancel Minimum $5 

 Scheduled Cancel Maximum $15 
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work. Variable expenses, including depreciation, fuel, repairs, and maintenance, are cal-
culated based on the driver’s annual kilometers driven while working on a PTC platform. 
A more detailed description of how expenses were calculated and accounted for in our 
net earnings calculations can be found in the technical appendix attached to this report. 

The 2024 annual fuel and insurance expenses were used in our analysis. However, 
since we only have information on the vehicle’s year, model, and make, and not the ex-
act purchase date, we chose to use the average annual expense from 2024-2029 for main-
tenance and repair costs, rather than relying solely on the 2024 expense. Additionally, 
as some costs fluctuate based on the vehicle’s purchase year – and our dataset assumes 
all vehicles were purchased in 2024 – we used the average annual expense from 2024-
2029 for 2018 vehicle models or later, and the average annual expense from 2025-2029 
for older vehicles. This approach was applied to the following expenses: depreciation, 
financing, taxes & fees. The biggest implication of this decision is that the first-year 
depreciation and sales-tax is smoothed and apportioned more accurately to reflect an 
amortized expense over a 4 or 5-year period. 

Net earnings are calculated for both drivers’ engaged time (P2 + P3) and in-app time 
(P1 + P2 + P3). It is important to note that our analysis focuses on pre-tax earnings, as 
accounting for how individual drivers may deduct their PTC vehicle expenses presents 
significant challenges and falls beyond the scope of this report. Furthermore, we exclude 
the vehicle purchase cost from our driver expense calculations, since we view it as an 
asset owned by the driver, which may in turn be sold. However, we account for the ve-
hicle’s depreciation as an expense, since it is directly affected by the kilometers driven 
for ridehailing purposes. Indeed, depreciation represents the gradual reduction in the 
vehicle’s value over time, accelerated by its use in this context. 

Given that we have more precise data for Uber than for Lyft, as we do not know wheth-
er the “Priority mode” is enabled for Lyft trips, we present net driver earnings using two 
distinct calculation methods: 

1. We report earnings for all drivers, using the platforms’ respective driver earnings rate 
card and associated fixed and variable costs. 

2. We report earnings for Uber trips by applying the methodology described in the first 
calculation method and apply the average driver earnings-to-passenger fare ratio 
estimated for UberX trips to all Lyft Standard trips. 

Our aim is that by utilizing two distinct net earnings calculation methods, we can more ac-
curately approximate the actual earnings of PTC drivers. For each of the above earning calcu-
lations, we will also present the proportion of drivers earning below the Province of Ontario’s 
minimum wage of $16.55  per hour of engaged and in-app time to help assess whether the 
PTC sector provides drivers with sufficient wages after accounting for expenses. 

7

After calculating PTC net driver earnings, we estimated their utilization rate, calculated as 
(P3/(P1 + P2 + P3)). Once the utilization rate is determined, we will examine the relationship 
between drivers’ net earnings and their utilization rate, using a boxplot chart to illustrate 
the utilization rates associated with different levels of hourly earnings. Understanding the 
proportion of each working hour that must be spent engaged in trips to achieve a certain 
earnings threshold would enable policies that set utilization rate targets. Such targets have 
been shown to enhance drivers’ average hourly pay (Alnaggar et al., 2024). 

Methodology 

7. The Province of Ontario has since increased its minimum wage to $17.20 per hour, but we use the previous 
$16.55 per hour minimum wage value, as this was the rate in effect during the timeframe of our study. 
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Results 
Descriptive analysis 
Table 7 provides a descriptive summary of PTC trips undertaken in Toronto between 
January 1, 2023, and April 30, 2024. During this period, PTC drivers completed a median 
of approximately 6 trips per working day. A significant level of driver attrition is also ev-
ident, with only 12.7% of drivers having data across all 16 months of the study, and just 
48.3% of drivers undertaking trips in at least half of the months. 

The median annual distance traveled per PTC driver is 4,296 km in 2023, which, when 
multiplied by the total number of licensed PTC drivers, results in a total industry distance 
of over 284 million kilometers annually in Toronto. It is also worth noting that the annual 
distance traveled per vehicle is higher in 2023 than in 2024, as data for the latter year only 
covers one-third of the year (January 1st – April 30th). 

Drivers spend approximately one-quarter to one-third of their in-app time waiting 
for a trip request (P1), and approximately 10% of their time en route to the passenger’s 
pick-up location or waiting for the passenger to board the vehicle (P2 & P2.5). The pro-
portion of time spent on trips with a passenger in the vehicle (P3), often referred to as 
the utilization rate, fluctuates from 61.4% in 2023 to 54.4% in 2024. This is notable, as P3 
is the primary portion of in-app time for which drivers are compensated, and it appears 
to have decreased by 7% from 2023 to 2024. The majority of the distance traveled by PTC 
drivers also occurs while passengers are onboard (P3). 

Gross earnings analysis 
Now turning to earnings, Table 8 presents the gross PTC driver earnings in Toronto be-
tween January 1, 2023, and April 30, 2024. Per engaged hour (P2 + P3), we find that the 
median driver earns $33.52 per hour in 2023 and $33.18 per hour in 2024. When account-
ing for all in-app time, including periods when drivers are waiting for ride assignments 
(P1), the median earnings drop to $25.23 per in-app hour in 2023 and $22.46 in 2024. The 
interquartile range (i.e., the range between the 25th and 75th percentile values) further 
highlights the substantial variation in gross driver earnings within the PTC industry. 

Cost analysis 
Driving expenses are grouped into fixed and variable costs and presented on a per hour 
basis. Table 9 displays the fixed costs per hour for PTC drivers in Toronto from January 
1, 2023, to April 30, 2024. When accounting for insurance, financing, and fees & taxes, 
the median overall fixed cost is just under $3 per hour, with insurance costs comprising 
roughly half of this amount. Additionally, we provide the median fixed costs for the most 
commonly used PTC vehicle in Toronto during this period, the 2022 Honda Civic, which 
amounts to $3.41 per hour (see Table 11). 
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8. We exclud-
ed a driver’s 
travel records 
for any day 
in which they 
exhibited 
unusually 
long distanc-
es traveled 
within a short 
period, likely 
due to GPS or 
routing errors. 
Additionally, 
we removed 
travel records 
for drivers 
who activated 
the app but 
did not com-
plete any trips 
on that day, to 
exclude those 
who were not 
actively seek-
ing passen-
gers. 

Table 7: A descriptive summary of PTC trip in Toronto 2023 2024 
 Total number of drivers8 66,191 53,273 
     Average trips per day 6.3 6.6 
     Median trips per day 5.7 6.0 
     Average trips per month 83.1 96.9 
     Median trips per month 45.2 55.0 
Proportion of drivers with trip data across specified months 
     Proportion of drivers with trips in at least 4 months 71.9% 
     Proportion of drivers with trips in at least 8 months 48.3% 
     Proportion of drivers with trips in at least 12 months 30.2% 
     Proportion of drivers with trips in all 16 months 12.7% 
Annual distance driven per driver (km) 
     Minimum annual distance traveled 0.9 0.7 
     Quartile 1 (25th percentile) 823.9 596.1 
     Median 4,296.2 2,720.8 
     Mean 10,508.5 5,184.4 
     Quartile 3 (75th percentile) 14,857.7 7,900.1 
     Maximum annual distance traveled 115,621.9 49,317.4 
Proportion of in-app time spent in different periods 
     Proportion of in-app time spent in P1 25.8% 34.5% 
     Proportion of in-app time spent in P2 9.2% 7.9% 
     Proportion of in-app time spent in P2.5 3.6% 3.2% 
     Proportion of in-app time spent in P3 (Utilization rate) 61.4% 54.4% 
     Proportion of in-app deadheading time (P1+P2) 35.0% 42.4% 
     Proportion of in-app engaged time (P2 + P3) 74.2% 65.5% 
Proportion of in-app distance spent in different periods 
     Proportion of in-app distance spent in P1 20.5% 27.7% 
     Proportion of in-app distance spent in P2 7.1% 6.3% 
     Proportion of in-app distance spent in P3 72.4% 66.0% 
     Proportion of in-app deadheading distance (P1+P2) 27.6% 34.0% 
As noted earlier in the report, engaged time technically includes all time from trip acceptance to passenger 
drop-off (P2 + P2.5 + P3). For simplicity and to better align with previous studies, we include P2.5 within P2 
and  represent it as (P2 + P3). 

Table 8: Gross PTC driver earnings in Toronto 2023 2024 
Number of drivers n = 66,191 n = 53,273 

Per engaged hr 
(P2 + P3) 

Per in-app hr 
(P1 + P2 + P3) 

Per engaged hr 
(P2 + P3) 

Per in-app hr 
(P1 + P2 + P3) 

Mean 34.90 25.11 34.73 22.58 
Quartile 1 (25th percentile) 31.11 22.72 30.70 19.97 
Median (50th percentile) 33.52 25.23 33.18 22.46 
Quartile 3 (75th percentile) 36.97 27.58 36.76 24.88 

Gross hourly 
earnings ($) 

Table 9: Per hour fixed costs 
for PTC drivers in Toronto 

fixed costs ($) 

Insurance Financing Fees & Taxes 
Mean 1.55 0.86 0.72 
Quartile 1  (25th percentile) 1.02 0.47 0.33 
Median  (50th percentile) 1.46 0.74 0.67 
Quartile 3  (75th percentile) 1.96 1.11 1.03 

1.56 0.96 0.89 
Median fixed cost for the most 
commonly used PTC vehicle in 
our dataset  (Honda Civic 2022) 

r 
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Table 10 presents the variable costs per hour for PTC drivers in Toronto between Jan-
uary 1, 2023, and April 30, 2024. Variable costs represent a significantly larger portion of 
overall driver expenses. When factoring in fuel, repairs, maintenance, and depreciation, 
the median variable cost amounts to over $13 per hour, with fuel and maintenance ac-
counting for the largest share. Again, we provide the median variable costs for the most 
commonly used PTC vehicle in Toronto during this period, the 2022 Honda Civic, which 
total $14.70 per hour (see Table 11). 

In Table 11, we present the overall fixed and variable costs associated with PTC work in 
Toronto between January 1, 2023, and April 30, 2024, displayed in both a per hour and per 
kilometer basis. When accounting for both fixed and variable expenses, the median total 
cost amounts to $16.31 per hour or $0.56 per kilometer driven. Notably, variable expenses 
comprise over three-quarters of the total costs associated with PTC work. Additionally, 
the wide interquartile range highlights the significant variability in overall driving ex-
penses among PTC drivers and suggests that certain vehicles, such as electric vehicles, 
may allow drivers to significantly reduce their expenses. 

Table 10: Per hour variable costs for PTC drivers in Toronto 

Table 11: Overall costs for PTC drivers in Toronto on a per hour and per kilometer basis 

Fuel Repairs Maintenance Depreciations 
Mean 4.08 2.55 4.43 3.34 
Quartile 1  (25th percentile) 3.35 1.55 2.97 1.80 
Median  (50th percentile) 3.96 2.34 3.86 2.94 
Quartile 3  (75th percentile) 4.72 3.31 5.38 4.42 

3.64 3.00 4.26 4.02 
Median fixed cost for the most 
commonly used PTC vehicle in 
our dataset  (Honda Civic 2022) 

variable  costs ($) 

Per hour Per km Per hour Per km 
Mean 3.15 0.10 14.47 0.48 
Quartile 1  (25th percentile) 1.98 0.07 10.81 0.39 
Median  (50th percentile) 2.87 0.10 13.44 0.46 
Quartile 3  (75th percentile) 3.99 0.13 17.04 0.55 

3.41 0.12 14.70 0.52 
Median fixed cost for the most 
commonly used PTC vehicle in 
our dataset  (Honda Civic 2022) 

Number of drivers n = 75,208 

fixed ($) variable  ($) 
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Net earnings analysis 
Net earnings are calculated for both drivers’ in-app time (P1 + P2 + P3) and engaged 
time (P2 + P3). We report earnings for all drivers using two distinct methods. The first 
approach calculates net earnings by subtracting all associated fixed and variable costs 
from the gross earnings analysis established using the PTC platform’s respective driver 
earning rate card (see Table 12). The second approach estimates earnings by applying 
the methodology described in the first approach to all Uber trips and using the average 
driver earnings-to-passenger fare ratio, derived from UberX trips, to estimate earnings 
for Lyft Standard trips. thereby providing an estimate for all PTC drivers (see Table 13). It 
is important to note that our data for Uber trips is more accurate than for Lyft trips, as we 
lack information on whether “priority mode” is enabled for Lyft trips. Therefore, we as-
sume this feature is disabled for all trips, as it is not available to all drivers. Nonetheless, 
by using these two distinct net earnings calculation methods we aim to more accurately 
approximate the actual earnings of PTC drivers through triangulation. 

By subtracting the estimated fixed and variable costs from drivers’ gross earnings, we 
find that the median PTC driver in Toronto earns $15.31 per engaged hour in 2023 and 
$15.35 in 2024 – both of which fall below the minimum wage rate of $16.55 per hour that 
was in effect in Ontario during our study period. These earnings are even lower when 
accounting for all in-app time, including periods spent waiting for trip requests (P1). Spe-
cifically, the median driver earns $7.94 per in-app hour in 2023 and $5.97 per in-app hour 
in 2024. The lower in-app hourly earnings observed in 2024 are likely due to a decreased 
utilization rate that year (see Table 7). In other words, the median driver spent more time 
driving without a passenger in their vehicle in 2024, resulting in lower earnings for the 
same amount of effort compared to 2023. 

Furthermore, as shown in Table 12, more than half of all PTC drivers earn below min-
imum wage per engaged hour, with 57.4% earning less than $16.55 per engaged hour in 
2023, and 58.2% in 2024. The proportion of drivers earning below minimum wage in-
creases sharply when considering earnings on a per in-app hour basis, with over 95% of 
drivers falling below the minimum wage threshold in both 2023 and 2024. 

Table 12: Net PTC driver earnings in Toronto using the PTC platforms’ respective driver 
earning rate card (Method 1) 

Mean 15.47 7.15 15.66 5.30 
Quartile 1  (25th percentile) 11.16 3.17 11.79 1.84 
Median  (50th percentile) 15.31 7.94 15.35 5.97 
Quartile 3  (75th percentile) 19.31 12.09 19.03 9.56 

57.4% 95.8% 58.2% 98.8% 

1.2% 14.0% 0.9% 17.4% 

Percentage of PTC drivers 
earning below minimum wage 
($16.55/hr) 
Percentage of PTC drivers 
losing money 
(gross earnings < expenses) 

Number of drivers n= 66,191 n=53,273 

2023 2024 (Jan. 1-Apr. 30) 

Per engaged 
hour (P2 + P3) 

Per engaged 
hour (P2 + P3) 

Per in-app hour 
(P1 + P2 + P3) 

Per in-app hour 
(P1 + P2 + P3) 

NET 
HOURLY 

EARNINGS
 ($) 
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By comparing the gross earnings and associated driving expenses of all drivers in the 
sample, we find that approximately 1% of drivers actually operate at a loss (i.e., gross 
earnings < expenses) when driving for PTC platforms. This proportion rises to 14-17% 
when considering the entire in-app time period. 

Using the average driver earning-to-passenger fare ratio approach, we observe simi-
lar results. The median PTC driver in Toronto earns $14.61 per engaged hour in 2023 and 
$14.29 in 2024, slightly lower than the earnings established through the previous meth-
odology. As expected, these earnings decrease when considering the entire time drivers 
are logged into PTC platforms, with median earnings per in-app hour dropping to $7.35 
in 2023 and $5.19 in 2024. 

With this net earnings method, over 60% of drivers earn below the minimum wage of 
$16.55 per hour, which was in effect during our study period in Ontario, and this figure 
rises again to over 95% in both 2023 and 2024 when accounting for all in-app time. Ad-
ditionally, this methodology reveals a slightly higher percentage of drivers who incur a 
loss by working for PTC platforms. In 2023, 1.7% of drivers earn less than their fixed and 
variable driving expenses per engaged hour, with 16.6% doing so per in-app hour in 2023 
and 22.2% in 2024. 

Our results generally show lower PTC driver earnings compared to recent estimates from 
other jurisdictions, such as Minnesota, where after adjusting for inflation and converting to 
CAD, Parrott and Reich (2024) found the average PTC driver earns $19.90 per in-app hour, or 
Chicago, where Manzo and Bruno (2021) concluded that the average PTC earnings per in-app 
hour were $21.49. We believe this discrepancy is largely due to our ability to more accurately 
account for driver expenses, as we have access to detailed information on the year, model, 
and make of PTC vehicles, which in turn allowed for a more precise calculation of fixed and 
variable expenses. Few studies have direct access to this type of data, and many in the past 
have instead relied on government mileage rate allowances (Henao and Marshall, 2019; 
Parrott and Reich, 2024; Ridefair, 2024) or cost estimates based on typical PTC vehicles (Par-
rott and Reich, 2018; Reich and Parrott, 2020). However, as shown in Table 11, the difference 
between the median driver expenses and those of the 2022 Honda Civic highlights how ve-
hicle-specific costs can vary significantly. Even studies with more precise vehicle informa-

Table 13: Net PTC driver earnings in Toronto using the average driver earnings-to-passenger fare 
ratio, derived from UberX trips, to estimate earnings for Lyft Standard trips (Method 2) 

Mean 14.73 6.61 14.44 4.53 
Quartile 1  (25th percentile) 10.30 2.36 10.30 0.69 
Median  (50th percentile) 14.61 7.35 14.29 5.19 
Quartile 3  (75th percentile) 18.88 11.75 18.25 9.06 

61.2% 96.0% 64.2% 98.8% 

1.7% 16.6% 1.7% 22.2% 

Percentage of PTC drivers 
earning below minimum wage 
($16.55/hr) 
Percentage of PTC drivers 
losing money 
(gross earnings < expenses) 

Number of drivers n= 66,191 n=53,273 

2023 2024 (Jan. 1-Apr. 30) 

Per engaged 
hour (P2 + P3) 

Per engaged 
hour (P2 + P3) 

Per in-app hour 
(P1 + P2 + P3) 

Per in-app hour 
(P1 + P2 + P3) 

NET 
HOURLY 
EARNINGS
 ($) 
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tion have only been able to link it to aggregate trip data, without having access to the exact 
distance traveled per driver for PTC purposes (Reich and Parrott, 2020; Zoepf et al., 2018). 

Another factor contributing to the divergence in results is the scope of expenses we in-
clude. Studies that also account for miscellaneous costs, such as car washes and cleaning, 
mobile device and data fees, parking and traffic violations, and the risk of crash and injury, 
typically report lower hourly earnings than ours (e.g., $13.50/hour in Henao and Marshall 
(2019)). In contrast, studies that exclude expenses like vehicle licensing and registration 
fees tend to report higher earnings. Notably, studies like Manzo and Bruno (2020), which 
exclude all fixed costs, or Hyman et al. (2020), which also exclude fixed costs and apply a 
widely criticized low variable cost rate, tend to overestimate driver earnings. 

A third factor that may explain the variation between our results and those of previ-
ous studies is their omission to account for drivers working on multiple PTC platforms 
simultaneously. Most studies rely on aggregated data from PTCs, including time spent in 
P1, which is then used to calculate hourly earnings. However, for drivers using multiple 
apps, P1 times may overlap. Since each platform does not know the usage patterns of 
drivers on other apps, the aggregate data often include duplicate time entries. Remov-
ing these duplicates is necessary in order to accurately estimate hourly earnings. To our 
knowledge, Parrott and Reich (2024) and Hyman et al. (2020) are the only studies that 
have successfully eliminated such duplicate times across platforms. However, Parrott 
and Reich’s earnings calculations are based on 2022 IRS business mileage rates, while 
Hyman et al.’s are derived from aggregated week-level trip data for a single week in Oc-
tober 2019, making it difficult to accurately calculate driving expenses. 

Given all these factors, we believe the sheer scale of our study, which draws from an 
84-million record dataset of every PTC trip starting in the city of Toronto between Jan-
uary 1st, 2023 and May 1st, 2024, along with the use of specific PTC vehicle data to more 
accurately account for both fixed and variable driving costs, provides the most accurate 
depiction of PTC driver earnings to date. 

The distribution of net earnings increases linearly with the number of hours worked 
per day, as expenses are spread over a greater number of working hours. As shown in 
Figure 3, the median net earnings per engaged hour for PTC drivers in 2023 ranged from 
$11.41 per hour for those logged into the app for less than 1.5 hours per day to $20.37 for 
those logged in for more than 6 hours per day. In 2024, these net earnings were $11.82 and 
$20.03, respectively. However, when considering net earnings on a per in-app hour basis, 
all daily in-app hour thresholds revealed median earnings below the minimum wage of 
$16.55 per hour, which was in effect during our study period in Ontario. 

Finally, as alluded to in the literature review, while reporting median driver earnings is 
informative, it is equally important to consider the variations in earnings and assess the 
proportion of drivers earning below the minimum wage. In Figure 4, we show the pro-
portion of drivers earning below Ontario’s then minimum wage of $16.55 per engaged and 
in-app hour of PTC work. The notably high proportion of PTC drivers earning below mini-
mum wage in Toronto, particularly when considering in-app time, is consistent with find-
ings from other jurisdictions. For example, in New York, Parrott and Reich (2018) reported 
that, after accounting for expenses, 85% of app-based drivers earned less than USD $17.22 
per hour, equivalent to the State’s USD $15 per hour minimum wage plus a paid time-off 
supplement of USD $2.22 per hour. Similarly, studies in Chicago and California by Manzo 
and Bruno (2021) and Reich (2020), respectively, found that the average PTC driver earned 
below minimum wage. 
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Figure 3: Net driver earnings per daily hours worked 
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Utilization rate analysis 
To determine whether the utilization rate, calculated as (P3/(P1 + P2 + P3)), is associated 
with drivers’ earnings, we plot net driver earnings per in-app hour of PTC work for differ-
ent utilization rate thresholds. Figure 5 illustrates the positive relationship between these 
two variables and provides insight into the proportion of each working hour that must be 
spent engaged in trips to achieve specific earnings. While previous studies have shown 
that higher utilization rate targets may enhance drivers’ average hourly pay (Alnaggar et 
al., 2024), our analysis indicates that even reaching high utilization rates is insufficient to 
guarantee decent PTC wages. All four utilization rate thresholds included in our analysis 
result in net earnings per in-app hour below the minimum wage rate of $16.55 per hour 
that was in effect in Ontario during our study period. 

-
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2023 2024 

Results 

Figure 4: Proportion of PTC drivers earning above minimum wage per engaged 
and in-app hours of PTC work 
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Results 

PTC driver earnings per in-app hour can also be expressed as a function of their utili-
zation rate. When plotting this relationship using gross driver earnings, we observe a 
stronger positive relation compared to net earnings (see Figure 6). This indicates that 
increasing or mandating a utilization rate target would likely boost driver earnings, par-
ticularly gross earnings. However, the weaker relationship with net earnings suggests 
that other factors, such as variable costs, significantly impact overall take-home pay. 
Therefore, additional policy measures, such as a minimum hourly pay guarantee, are 
needed to ensure PTC drivers receive fair wages. 

Figure 5: Plotting the relationship between net PTC driver earnings per in-app hour 
and their associated utilization rate 
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Figure 6: Plotting PTC driver earnings as a function of their utilization rate 
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Data Limitations 
The objective of this study was to assess the current state of wages and employment for 
drivers in Toronto’s PTC industry. To achieve this, we obtained precise data on over 80 mil-
lion PTC trips conducted in Toronto between January 1, 2023, and May 1, 2024. This dataset 
included detailed information on the type of ridehailing service (e.g., UberX, UberX Share, 
Lyft Standard, Lyft LUX, etc.), trip fare, trip distance, trip duration, start and end times, and 
location (accurate to the nearest intersection) for each of the three PTC work periods. 

In addition to the trip dataset, we also obtained data on the year, model, and make 
of all licensed PTC vehicles, for which we were able to obtain a customized dataset of 
driving and ownership expenses from Vincentric, a private automobile data compilation 
and analysis firm. This dataset includes costs related to depreciation, insurance, fuel, re-
pairs, maintenance, financing, and registration and license plate fees and taxes. As each 
driver is associated with one or more vehicle identification numbers (VIN), we were able 
to link the vehicle information to the trip dataset and in turn calculate net earnings by 
combining gross earnings with associated expenses for PTC work. 

While we aimed to achieve the most accurate driving net earning estimates as possible 
with the data available, several challenges and limitations should be noted on both the 
earnings and expense sides of this estimation. 

Earnings calculations 
It is worth prefacing a discussion surrounding the challenges and limitations faced in 
estimating PTC net driver earnings by acknowledging that a more precise assessment 
would have been possible using data on actual driver earnings. The absence of this data 
is what prompted us to undertake these earnings calculations in the first place. 

As we were unable to obtain driver earning data from either of the PTC platforms direct-
ly, we relied on the Uber rate cards from January 2024, submitted to the City of Toronto 
as part of the written submission for item EX12.1 of the Executive Committee Meeting 12 
agenda (RDAO, 2024). While we do not expect significant rate changes during the time-
frame of our study, we recognize that the omission of potential rate fluctuations may have 
affected our earnings calculations. However, without access to data on any rate changes, 
we cannot determine whether this omission has led to an overestimation or underestima-
tion of gross earnings. 

The rate card used for Lyft trips in this study applied exclusively to Lyft Standard trips, 
which led us to exclude all other types of Lyft services. We do not view this as a significant 
issue, as Lyft Standard trips accounted for the significant majority of all Lyft trips in our 
dataset but acknowledge that excluding other types of Lyft trips may result in missing some 
earnings and expenses for a small subset of TNC drivers. It is worth noting that Lyft’s rate 
card also varies depending on whether drivers have activated Lyft’s “Priority Mode.” Since 
our dataset does not specify whether a driver had Priority Mode enabled, we assumed that 
this option was disabled for all trips, as it is only available to drivers with high driving scores. 
Nonetheless, given that enabling Priority Mode is supposed to increase the likelihood of 
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receiving ride requests, this assumption may result in an underestimation of Lyft driver 
earnings. However, it’s important to note that enabling Priority Mode also comes with a 
lower per-minute and per-kilometer earning rate, which could imply that our assumption 
may have led to an overestimation of Lyft driver earnings in some cases. 

While the majority of PTC driver earnings can be estimated using the trip dataset, 
certain elements were missing. This includes whether a trip was conducted with a 
pet-friendly vehicle (e.g., Uber Pet, Lyft Pet Ride), which adds an additional charge to the 
passenger fare, and whether it was booked in advance, which incurs additional reser-
vation fees. By excluding these elements from our gross earnings calculations, we ac-
knowledge the potential for underestimation, though we expect this to have a minimal 
impact due to the relatively low frequency of such trips. 

Our data also does not include information on tips or surge pricing. To account for 
tips, we incorporated estimates from previous studies (Parrott and Reich, 2018; Man-
zo and Bruno, 2021), assuming that drivers receive an average of $0.80 per trip in tips. 
This estimate was added to our earnings calculations for both Uber and Lyft drivers. For 
surge pricing, we determined the expected passenger fare-to-driver earnings ratio using 
the Uber rate card (i.e., 40-60% before tips) and identified all trips with a ratio below 
40% as being subject to surge pricing. We then adjusted the earnings for these trips to 
reflect the average fare-to-earnings ratio (i.e., 50% before tips), ensuring a more accu-
rate representation of the typical fare-to-earnings relationship. We recognize that these 
are estimates and may not fully capture the actual impact of tips and surge pricing, and 
believe that future studies would benefit from obtaining this data from PTCs directly. 

Another limitation is that our analyses only include trips that began within Toronto, 
as those that started beyond the city limits could not be matched to the PTC licensed 
vehicle dataset. Consequently, earnings and expenses from drivers not licensed to 
operate PTC vehicles in Toronto are excluded from the study. In most cases, we do 
not consider this to be a significant issue, as only 0.1% of PTC trips in our dataset 
extend beyond the borders of the Toronto operating region. Furthermore, while trips 
by drivers licensed to operate in Mississauga, who pick up passengers at the airport 
and return to Toronto, are not captured, trips originating in Toronto and ending at the 
airport are included in our analysis. 

On a somewhat related note, our dataset only includes passenger trips conducted 
on PTC platforms and does not account for other forms of work offered by app-based 
transportation platforms, such as food delivery (e.g., UberEats), grocery delivery, or any 
other non-passenger transportation services. This represents a potentially significant 
limitation, as we assume that some PTC drivers may engage in other forms of trans-
portation-related work, which may reduce their time spent in P1. By not including these 
earnings and expenses in our wage calculations, we may be misrepresenting these driv-
ers’ net earnings. Ultimately, we chose not to speculate on the proportion of drivers 
involved in these other forms of transportation-related work or the associated earnings 
and expenses, but this represents an important area for future research. 

Expense calculations 
After calculating gross PTC driver earnings, we sought to subtract their associated 
costs. Using the year, model, and make of all licensed PTC vehicles, we obtained a 
customized dataset of fixed and variable driving and ownership expenses from Vin-

Data Limitations 
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centric. While the level of detail and precision of the expense data provided by Vincentric 
allows for a more accurate estimate of costs compared to previous studies, there are still 
challenges and limitations in estimating PTC driver expenses. 

First, Vincentric provides data on an annual basis for the next five years (2024-2029) but 
assumes that all drivers have purchased their vehicle in August 2024. While the vehicle pur-
chase itself is not included in our expense calculation as we view it as a depreciating asset 
owned by the driver, which may in turn be sold, this does affect the value of other expenses 
such as depreciation, financing, fees and taxes. To account for this, we use the average annu-
al expense from 2024-2029 for 2018 vehicle models or later, and the average annual expense 
from 2025-2029 for older vehicles to avoid including the unusually high first year after pur-
chase sales tax and depreciation quantities for these categories of expenses. Similarly, as we 
do not know the exact date of purchase, we chose to use the average annual expense from 
2024-2029 for maintenance and repair costs, rather than relying solely on the 2024 expense. 
We view this as a limitation as it introduces some level of error into our expense calcula-
tions, yet we cannot know whether this approach has led to an over or underestimation of 
costs without knowing the actual purchase date of licensed PTC vehicles. Moreover, by treat-
ing the vehicle as a depreciating asset and assuming that all drivers have purchased their 
vehicles rather than lease them, we believe that our approach likely underestimates costs, as 
leasing expenses are excluded from the model. 

Second, since fixed expenses cannot be entirely attributed to PTC work and must instead 
be proportionally allocated based on the fraction of annual kilometers driven for PTC pur-
poses, it is important to know how many kilometers PTC drivers undertake for personal use 
annually. Unfortunately, this data was unavailable. As a result, we assumed that PTC drivers 
use their vehicles for personal reasons at a rate of 20,000 kilometers annually, based on the 
estimate used by Natural Resources Canada (Natural Resources Canada, 2023), and allocated 
fixed expenses accordingly. We acknowledge that this assumption significantly impacts the 
estimated fixed costs of PTC drivers. However, by opting for a higher annual kilometer esti-
mate than both the average of 16,249 kilometers for Canadian drivers from an earlier Statis-
tics Canada survey (Statistics Canada, 2009) and the average of 14,448 kilometers for Ontario 
drivers according to insurance data (Insurance Hotline, 2021), we believe this approach is 
more likely to result in an underestimation rather than an overestimation of expenses. 

Third, while most driving and ownership expenses were accounted for in our analysis, PTC 
drivers also incur other expenses. These include cell phones with a data plan, vehicle clean-
ing fees, parking and traffic violations, and the risk of crashes or injuries with expenses left 
uncovered by insurance. Other studies (Henao and Marshall, 2019; Mishel, 2019; Reich and 
Parrott, 2020) have attempted to account for some of these miscellaneous costs. We chose 
to restrict our analysis to cost directly incurred through the vehicle, but similarly to our pre-
vious decision, this may also have resulted in the underestimation of PTC driver expenses. 

Fourth, PTC platforms do not withhold income tax from drivers’ earnings, meaning that 
drivers are individually responsible for paying their own taxes. Many driving-related ex-
penses, however, may be eligible for full or partial tax deductions as business expenses. 
According to Uber (Uber 2024), deductible expenses can include vehicle insurance, mainte-
nance costs, cell phone expenses, tolls, parking fees, mileage, sales tax on fees charged to 
drivers, and customer discounts. Since we do not know the total income of drivers from all 
sources of income, and hence their tax rate, nor do we know the proportion of drivers who 
claimed deductions or which specific expenses were claimed, we opted to report pre-tax 
earnings in this report. This is in line with all other studies encountered in the literature. 

Data Limitations 
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Data needs and improvements to the data collection process 
Based on the above-mentioned challenges in calculating net PTC driver wages and 
limitations with the data, we offer the following recommendations to more accurately 
assess the net earnings of PTC drivers: 

1. To improve the accuracy of driving and ownership cost estimations, it would be 
important to have information on the drivers’ vehicle lease period (if leased) or 
year of purchase (if purchased) and total annual mileage for vehicles licensed for 
PTC services. This would allow for more precise calculations of PTC-related ex-
penses and eliminate the need to assume that PTC drivers use their vehicles for 
personal reasons at an annual rate of 20,000 kilometers. 

2. Ideally to more accurately estimate the net earnings of PTC drivers we would need 
the following: 

a. Information on the presence and extent of surge pricing, either on a trip-by-trip 
basis or, at minimum, hourly data indicating the level of surge pricing and areas 
where it was in effect. 

b. Information on the amount of tips received per trip. 

c. Information on drivers operating in Toronto with a license to operate PTC vehicles 
in surrounding jurisdictions, but without a Toronto license. This would enable the 
inclusion of revenues and expenses from trips outside of Toronto, such as pickups 
from Toronto Pearson Airport. 

d. Information on PTC trip refusals. This was raised as a potential issue by PTCs, 
as drivers may systematically refuse trip requests, thereby remaining in P1 while 
not really being available for work. Having information on refusal frequency per 
driver would allow for more accurate net earnings estimations by excluding such 
periods. 

e. Information on other forms of gig-work offered by PTC platforms, such as food 
delivery (e.g., UberEats), that can be linked to drivers in order to better estimate 
their overall industry net earnings. 

f. Accurate and up-to-date PTC driver rate cards, including service fees taken by the 
platforms and any additional elements affecting drivers’ earnings beyond those 
specified in the rate card. 

3. While obtaining the elements outlined in (2) would provide a more accurate de-
piction of gross driver earnings in the PTC industry, they entail considerable effort 
on the part of PTC platforms, which would need to compile, update, and trans-
mit data, including continuous updates to their driver earnings fare cards to reg-
ulators. A simpler and less error-prone solution would be for PTC platforms to 
share data on their driver earnings. Access to precise gross PTC driver earnings 
would eliminate many, if not most, of the challenges in our estimations and en-
sure greater transparency, particularly given the platforms’ recent announcement 
to transition from traditional earning rate cards to upfront pricing. 

PTCs have announced their intention to shift towards upfront pricing models in To-
ronto, with Uber officially announcing the transition to this pricing approach on Octo-
ber 8th, 2024 (Subramaniam, 2024). This change renders it impossible to estimate PTC 

Data Limitations 
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driver earnings using the information comprised within the current data sharing agree-
ment nor with the additional information requests outlined in (2). Therefore, if regula-
tors at any level of government intend to calculate PTC driver earnings going forward, it 
is crucial for them to obtain gross driver earnings directly from the platforms or develop 
a reliable method for accurately calculating these earnings. If the goal is to understand 
the future state of wages for drivers in Toronto’s PTC industry and to make meaningful 
temporal comparisons, particularly when assessing the effectiveness of policies or legis-
lation designed to ensure fair driver compensation, access to PTC driver wage data under 
an upfront pricing model is crucial. 

Data Limitations 
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Technical Appendix 
Driver expense calculations 
The costs associated with PTC driving are determined using the vehicle’s year, model, 
and make and are provided by Vincentric on an annual basis for the next five years 
(2024-2029). Total costs (C_total) are comprised of fixed expenses (C_fixed), which in-
clude insurance, financing, and fees & taxes and variable expenses (C_variable) which 
in turn include fuel, maintenance, repairs, and depreciation. 

Fixed costs are proportionally allocated based on the assumption that PTC drivers also 
use their vehicles for personal purposes. We assume that PTC drivers use their vehi-
cles for personal reasons at a rate of 20,000 kilometers annually, as per the annual 
kilometers driven assumption used by Natural Resources Canada (Natural Resources 
Canada, 2023), and attribute fixed expenses based on the fraction of total annual kilo-
meters driven for PTC work. 

Where, 

Cinsurance  = Annual insurance cost 

Cfinance  = Annual finance cost 

Cfee  = Annual cost of registration and licensing fees and taxes 

DRH = Annual kilometers driven while working on PTC platforms 

DPU  = Annual kilometers driven for personal use (assumed to be 20,000 km per year) 

Furthermore, as some expenses vary based on the year of purchase and our dataset 
assumes all vehicles were purchased in 2024, we used the average annual expense 
from 2024-2029 (5 years) for 2018 vehicle models or later, and the average annual ex-
pense from 2025-2029 (4 years) for older vehicles. This approach was applied to the 
annual finance costs, annual cost of registration and the licensing fees and taxes. For 
insurance, the 2024 annual insurance costs was used. 

Ctotal = +Cfixed Cvariable 

Ctotal = ( ( ) )+ + +++Cinsurance CmaintenanceCfinance CrepairCfee Cdepriciation 

Cinsurance = Cinsurance2024 

Cfinance 

Cfinancei if vehicle purchase year ≥ 2018 

if vehicle purchase year < 2018Cfinancei 

1
5 

1
4 

= 
∑
∑{

2028 

2028 

i=2024 

i=2025 
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Variable costs are calculated based on the driver’s annual kilometers driven while 
working on a PTC platform. 

Where, 

Cfuel = Cf  = Annual cost for fuel consumption 

Cdepriciation = Cd  = Annual cost of vehicle depreciation 

Cmaintenance = Cm  = Annual cost for vehicle maintenance 

Crepair = Cr  = Annual cost for vehicle repairs 

Fuel expenses were obtained on a per kilometer basis, whereas other variable ex-
penses were obtained from Vincentric for three distinct distance thresholds (5,000km, 
25,000km, and 60,000km).  These thresholds were chosen to best reflect the driving 
patterns of PTC drivers in our sample and estimated driver costs are prorated to reflect 
their actual driving distance. 

Based on the actual annual kilometers traveled, a linear interpolation approach was 
then used to determine the proportional variable costs (C(x)). An example of this 
methodology is present below with maintenance costs (C_maintenance). 

Cfee 

Cfeei if vehicle purchase year ≥ 2018 

if vehicle purchase year < 2018Cfeei 

1
5 

1
4 

= 
∑
∑{

2028 

2028 

i=2024 

i=2025 

Cvariable  = Cfuel + Cmaintenance +  Crepair +  Cdepriciation 

C (x) 
Cm1, Cr1, Cd1 x = 5000km 

Cm2, Cr2, Cd3 x = 25,000km 

Cm3, Cr3, Cd3 x = 60,000km 

= {

Cmaintenance = {
for Drh ≤ 5,000km 

for 5,000km < Drh ≤ 25,000km 

for 25,000km < Drh ≤ 60,000km 

for Drh > 60,000km 

Drh 

(Cm2 - Cm1 )(Drh - 5,000) 

(Cm3- Cm2 )(Drh - 25,000) 

(Cm3- Cm2 )(Drh - 60,000) 

20,000 

35,000 

35,000 

5,000 
Cm1 x , 

, 

, 

, 

Cm1 

Cm2 

Cm3 

+ 

+ 

+ 
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Similar to finance and registration fees & taxes, depreciation also varies depending on 
the date of purchase. We therefore apply the same methodology as described above 
and used the average annual expense from 2024-2029 (5 years) for vehicle models or 
later, and the average annual expense from 2025-2029 (4 years) for older vehicles. 

In summary, the total costs associated with PTC driving can be expressed as follows: 

Cdepriciation 

Cdepriciationi if vehicle purchase year ≥ 2018 

if vehicle purchase year < 2018Cdepriciationi 

1
5 

1
4 

= 
∑
∑{

2028 

2028 

i=2024 

i=2025 

Ctotal ( Cinsurance + Cfinance + Cfee ) + Cfuel + Cmaintenance + Crepair + Cdepriciation= Drh 
Dpu + Drh 
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